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Major barriers to improved risk management…  
 
 

After the storm: A new era for risk 
management in financial services 

The Economist Intelligence Unit 
Limited 2009 
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Introduction 

• Solvency II is the first regulation that introduces strict requirements for data quality 

• Having good quality data is an essential prerequisite to correctly calculating the technical 
provisions 

• It is pointless to fine tune internal models without making sure they are populated with 
high quality data 

• Reference literature: 
• Ex-CP 43: “Technical Provisions – Article 86f Standards of Data Quality” 

• Ex- CP 56:“Tests and Standards for Internal Model Approval” 

• Concerns raised during the consultation period 
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Data Quality Assessment (1/3)  

• Definition 
• Regulatory definition: information that is used in actuarial and 

statistical techniques to calculate technical provisions (including data 
employed in setting specific assumptions) 

• Data Quality Assessment  
• Appropriateness 

• Completeness 

• Accuracy 

 
 

Best Practice: to 
conduct DQA 
compared with data 
from other LoB or 
risk factors 
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Data Quality Assessment (2/3)  

• Appropriateness 
• Suitable for the valuation of the technical provisions  

• Directly relates to the underlying risk drivers of the portfolio under 
consideration 

• Completeness  
• It covers all the main homogeneous risk groups in the liabilities’ portfolio 

• It has sufficient granularity to understand the behavior of the underlying 
risks and trends 

• It provides sufficient historical information 

• Accuracy 
• It must not be affected by errors or omissions 

• It must be stored adequately, be up-to-date and be consistent across time; 

• A high level of confidence can be placed on it 

• It must be demonstrated as credible by being used throughout the 
operations and decision-making process 

 
 

Its assessment must 
be conducted 
compared with data 
from other LoB or 
risk factors 

data and 
consistency 
checks 
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Data Quality Assessment (3/3)  

• Granularity 
• Appropriateness and completeness : at the portfolio level 

• Accuracy: individual item level 

• Application of the Principle of Proportionality 
• Portfolios with simple underlying risks-> accuracy shall be interpreted in a looser way  

• Less data 

• Need to accumulate historical information 

• Portfolios with higher nature, scale and complexity of risks -> superior standards 
• If sufficient data is not available: apply external data + expert judgment 

• Data Reconciliation 
• Explaining the reasons for the differences between data and the consequences of it 

• Compare the data with external references in order to verify that it is consistent 

• For example: General Ledger reconciliation  
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The Data Quality Management Process 

Data Quality 
Management 

Data 
Definition 

Data Quality 
Assessment 

Problems 
Resolution 

 Data 
Quality 

Monitoring 

Best Practice: 
to monitor  
data quality as 
frequently as 
possible 
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Data Identification, Collection and Processing  

Requirements: 

• Transparency 

• Granularity 

• Accumulation of historical data 

• Traceability 

 

Best Practice: to accumulate 
as much historical data as 
possible 
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Auditors and the Actuarial Function 

• The actuarial function does not have the responsibility to execute a formal audit of the 
data 

• However, the function is required to review data quality by performing informal 
examinations of selected datasets in order to determine and confirm that the data is 
consistent with its purpose 
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Identification of Data Deficiencies 

Reasons for bad data quality: 

a) Singularities in the nature or size of the portfolio 

b) Deficiencies in the internal processes of data collection, storage or data quality 
validation 

c) Deficiencies in the exchange of information with business partners in a reliable and 
standardized way 

 

Assessment  of the reasons of low data quality in order to increase quantity and quality  
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Management of Data Deficiencies  

• Adjustments to the data 
• Apply adjustments in a controlled, documented and consistent way  

• Approximations 

• Third parties data or market data 

 

 

Best Practice: to apply 
adjustments in a controlled, 
documented and consistent 
way 
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A Centralized Approach to Data Quality: Pattern 1 

Results 
DataScenario

ETL

Data Source Systems

Data Quality Assessment
Before data import

…..
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A Centralized Approach to Data Quality: Pattern 2 

Results 
DataScenario

ETL

Data Source Systems

Data Quality Assessment
During data import

…..
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A Centralized Approach to Data Quality: Pattern 3 

Results 
DataScenario

ETL

Data Source Systems

Data Quality Assessment
After data import

…..

Best Practice: to import all 
the data, even low quality, in 
order to enable the user to 
assess low quality data and 
take appropriate decisions 
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Types of Data Quality Checks 

 [1] The importance of reconciliation with accounting data is recognized in the regulation in CEIOPS (CP 43/09), 1.3. 

Technical Checks The ‘book code’ of an insurance policy does not 
correspond to any entry in the ‘deal book’ table 

Functional Checks •The birth date of a customer must be prior to the 
value date of a policy 
 
• The gender of a customer must be male, female 
or a company 

Business Consistency Checks The value of the ‘premium periodicity’ must be 
consistent with the type of policy 

General Ledger Reconciliation • Importing a group of 50 policies where the 
value field ‘the comma’ disappeared, leaving all 
values multiplied by 100 
 
•Different subsidiaries assigning different 
exchange rates to data 
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The Data Quality Assessment Process and the User 

Best Practice: to express 
data checks in natural 
language 
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The Data Quality Assessment Process and the User 

Best Practice: to allow the 
user to assess the quality of 
the data through a user 
friendly environment 
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The Data Quality Assessment Process and the User 

Best Practice: to 
analyze 
inconsistencies 
detected by data 
quality checks at 
different levels of 
granularity 
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Conclusions 

1. The average insurance company is unprepared for the data quality requirements of the 
new regulation. This is due to three factors: 

a) The actuarial function is seldom used to apply its professional judgment to the available data for 
the calculation of best estimates 

b) Some insurance companies have been accumulating historical data for many decades. However, 
data has been usually collected for daily operations, rather than for the calculation of the technical 
provisions 

c) Insurance IT legacy systems are often outdated and organized in multiple silos across different 
departments; this causes duplication of data and inconsistency of values 

2. Data Quality Assessment is the core requirement 

3. Moody’s Analytics best practices improve data quality using an enterprise risk 
management approach 
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Thank You 

Visit our stand in the Exhibition Area 
 

 

Visit us at moodysanalytics.com  
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Q & A 
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